Highly Accurate and Diverse Traffic Data:
The DeepScenario Open 3D Dataset
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DSC3D at a Glance
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Visionary SanFrancisco (SFO) Vibrant Berlin (BER) Fabulous Sindelfingen (SIFI) Stunning Stuttgart (STR)

The first 3D trajectory dataset from the drone perspective

Applications

N DeepUrban [3]

O Mapping Positions\
Recording Position

[ StM/MVS ] * A new benchmark for trajectory prediction and planning.

* Created by extracting 20-seconds scenarios from MUC, SIFl, STR and SFO.
 Nearly all vehicles can be treated as potential ego-vehicles.

 Augmenting nuScenes with DeepUrban improves ADE and FDE by over 40%.
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Q Capture GPS-timestamped mapping images & record videos with DJI drones.
e Reconstruct textured mesh of the scene from mapping images via SfM/MVS & refine ground via
FlexRoad [2].
G Calibrate recordings via matching, optical flow, and raycasting. ConCI USion
Q Predict 3D bounding boxes of traffic participants via GroundMix [1] & refine them by projecting on
the ground surface [2]. DSC3D, a highly diverse 3D trajectory dataset that contains urban intersections, inner-city

G Build trajectory tracks via 3D Kalman filter & smooth them via RTS-Smoothing. scenes, parking areas, and federal highways from Germany and the United States.
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